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Abstract

This research studies the accident prediction models on two-lane highways in Surin Province.
The models are employed to relate the traffic volume and road geometry to the number of accidents, the
number of injury accidents and the number of fatality accidents. The collected data are traffic accident
statistics and traffic volumes in the past five years. The dataset includes 685 observations. The Poisson
regression analysis and zero-inflated Poisson regression analysis are performed. The Poisson regression
analysis for predicting the number of total accidents and the number of injury accidents show that the
over-dispersion occurs. This implies that the negative binomial regression model is more appropriate.
The analysis results show that the preferred model to predict the total number of accidents and the number
of injury accidents are Negative binomial regression models. The horizontal grade, lane width and
intersection factors are significant to predict the number of total accidents. Lane width is the only
significant variable to predict the number of injury accidents. The zero-inflated Poisson regression
model is proper to predict the number of fatality accidents with the significant variables including design

speed, horizontal grade and vertical grade.

Keywords: Poisson Regression Model, Negative Binomial Regression Model, Zero-inflated Poisson

Regression Model
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